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Abstract: To deal with the problems that the partition clustering algorithm for processing massive data encountered
problems such as large data dispersion coefficient and poor anti-interference, difficulty to determine the number of local
clusters, local cluster centroids randomness, and low efficiency of local cluster parallelization and merging, a parallel par-
tition clustering algorithm based on Spark framework and ASPSO (PDC-SFAS PSO) was proposed. Firstly, a meshing
strategy was introduced to reduce the data dispersion coefficient of the data division and improve anti-interference. Se-
condly, to determine the number of clusters, meshing strategy based on potential function and Gaussian function were
proposed, which formed an area with different sample points as the core clusters, and obtained the number of local clus-
ters. Then, to avoid local cluster centroids randomness, ASPSO was proposed. Finally, a local cluster merging strategy
based on cluster radius and neighbor nodes was introduced to merge clusters with large similarity based on the Spark pa-
rallel computing framework, which improved the efficiency of parallel merging of local clusters. Experimental results
showed that the PDC-SFASPSO algorithm has good performance in data partitioning and clustering in a big data envi-
ronment, and it was suitable for parallel clustering of large-scale data sets.
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